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=H0ME =AM dd Al WES 2ol F= 499 Al JHES fIS 2ot 2Ot =HE *
FOM 8 7|gi #ESE0| CHo) &HEDX; Shot

2. MMY A9l Fo7|E

49 Ale O|8Ae] &Y 270 et 2utE ssH2z dd5) e Al
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d89d A= 0|8 27et EE2O0ILE MM E siZdHY| flof £22 HO|HE Aotk
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5t O|F HIECZ 58X = HO|HL 2HX 5 ZWMES MASt= o ©A o Tt

Al WEAFS 2 JHESEAX; Sb= MH[AS] SHO| M) ChYet ddd Al RES
QUCE ChatGPTRP 22 MR MH[A0| 7HY Ei| 20|41 Qe 48 Al 22
HA(LLM, Large Language Model)O|Ct. LLM2 &H SHSIAIH, HAEQ}L 7

o] ZOtE MSshe 8™ Al 2EO|CH 2EAIOpenAdA 7HESH ChatGPTO HE
GPTO|H, 20234 3¥ 7|& ZHQl GPT 35&2CH o 5008 &f 2 22 A7IE X
f SAMEACE EBH P2 (Google)O M= XHM| LLMQ! PalLM(Pathways Language
Model)= 2&%H ME AH|AQl 'HIE(Bard)E S/, H|Ef(Meta)= '2tOHLLaMA, Large
Language Model Meta Al)2l= LLME S7HSHRICE U0 = HO|HZ ot=0{0 S3tE =
Ao AN ZHQI "'QMHOCEAN)S 7HESIRAL, ChatGPT-40 CHEStAL 2023 78 24 7|4t
Of MR MH|A SIO|HZZHIXE SAIE A=o|Ct
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SHAE FE5HA =t 22 2020 CHofl= AZHoA| TR QZte] FAE 22 HF Ad4H

MHIAE HSote “ddd Al'gte ME Al 7|&7HK| 885

2.1.1 LLM (Large Language Model)
LLM2 ‘Large Language Model'@| 9fAtZ, Ot 210 RHES 7t2(ZICh LLM2 XA
(NLP, Natural Language Processing)2t Al ZO0F0A AL E|= D% 2 2o A0 ZE

Z o 2
I
rot

Ct. of2{et 2E2 CHEO| HAE [HO|HE 55t 210] Ofsf, 4y, ¥y S Ciet NP &
gs +de = ULk 2= F8ots TOS0| LHEE =HES €10 AT TS HESH
HESHAL 28S Aoz dddoior & M, of2f =2 thof SoM 718 2ZXSHOHE =
£0| 2) HO{E dESt= O /&3tCh Ol &3 200, Yo, ot=0)E Ofsfistn T =
UCHE ROICt 2O|RE2 FEct &2 HIOHE +Hstn &&= ob7| 28 driet &=
ALrEHor 7| W20 E=7F 83 MetHo[A2Lf, B2 &2 Ho|H+To| 7Iset 2o
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-LLM: Large Language Model
- GAN : Generative Adversarial Networks
- VAE : Variational Auto Encoder

(O 1] AL 8™ At 2HA

Het ARE ool 57t2 Held Ao HOESBA &3 27| AEAULL LM Z2 213
Xls 2O0M & F=F2 21 A2, OpenAl2| GPT(Generative Pretrained Transformer) A|2]
= 9 Google?| BERT(bidirectional encoder representations from transformers) 0| CHEZX QI
LLM ZEO|Ch LLIME 7|A sh&at E2id 7188 7|HeR s, 20| 4 2 GolH
A =2 A sEHE Ha=2 o}

K Ciot &8 ZO0foAM & =l 3o o
= Olsifstn XM HEHO|L MY ANE XIdt= S 20 O[siet 0] 2ot Chdet &Y
= YUY = AUCL LLIM2 NLP 7|&2| Y™ olztat 7|14 7te| XA 2 CHE 2[eh a4
7122 ZtFE|D UCH
NLP= QIZto] 1O01E O|8ist Mdst= 7[&&, HAE HOHE X225t ob|E FESt=L|
AL EICE WY AIOM = NLP 7|28 28510 2% d4d, Ozt Z3E, ¥y 59| XYUS =
alistct HIAE MHole ETAZN DS (transformer model)dt =2t AMZAZHRNNs, Recurrent
Neural Networks) S0| FZ AL2EICt

Ctg [A8 2= NP 7| REOMFE X2 2+ =55 20ELL

2003 2013 2014 2018

Seq-to-seq Learning Pretrained Models

Multi-task Learning NLP Neural Nets Attention

2008 2013 2015

EX : A brief history of natural language processing-part 2, 2020
[:]_EI 2] E'E‘I LI NLP 7|A —'—E
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LLM2 NLPQ} H|ZSHA CHE M|l 7HK| 7|22 2FEICE AW, 2ofjols REE2 Xti0] 2E0|AM
CHojo] F=H EWM(context)2 AFY SHESH] YHZFO| =z tHojo] ZH 1t Q0| Ofsidt=
71&£2M, 7= BERTZt 11 OfO|Ct M, AHO{EM ZHE X0l £ A BHE5H0] = AT
2 FO|T cto{gof 74 HMetst O T & 0| F3510 ddste 7[&E GPT Al2lZE, CMULt
T2 B Ql0] 3322 Ji&ot XLNet, HO|AS2| BART &0| =1 OfO[C} Aliwf, 210 O[5t
MEE Z0| AH8%t= ZEO| UCE Y FTS Oldhst ZUE HIECRE £3 &S 443t
L 15

o
e, YEHE 280 dSEle 282 ottt 7= 1574 4 ofofct

2.1.2 GAN(Generative Adversarial Network)

GANS lan GoodfellowOf 2|8l 20140 AJHEl Tl 7|Hto] R XRZA, MM Ao
ArEIH, & Mol =8 74 242 FEELL Stite d-dXKgenerator)0| 1 CHE StLt= THE
Xh(discriminator)O|Ct. ‘M- dXt= HHQt At HIO|HE ddsta]n L&otn, THHX= -4 &
HO|E et A HO|HE F&dtal =&ttt O] & @4+ F™u HOjXel 2AE dd5tH
DES SHAZICL

Ol2{et @t HUHQl shgs ol ddX= 4 Co|HQE |Alet HIO|HE Hdsta, T
A= 7ttt €A HIolHE FEst=s s8S SSAIZIA ECh (A8 312 d-dAet THEXC
HHUHAE =MHo=Z LIERH Z0|C}.

Fake Image

Real?

Discriminator Fake?

Noise

ZXH : https://wikidocs.net/146217

[23 3] S8t

Chg [AE 4] 2014E52E 2020E7tK] GANS FH=Z o =& 55 LIEtH A2, 5|
e £==2 2 A7 OIRXLD USS §F°._|3‘ = ULt O[OfX| ’%“8 o[ofx| g OfofX|
Cteet S8 =OF0A AFEE
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-1 o =)
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2.1.3 VAE(Variational AutoEncoder)
VAEE= ‘Variational Autoencoder'@| 2AtZ, HO|E QEQI
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ZX : https://wikidocs.net/146217
(18 4] GANZ 0|83 =2 +
VAEE H{dot =EX ZEZ Ol Of0|C|HE Aty ZHS0{F ZHOICL VAEE REQIAH
(autoencoder) T+Z&E 7|BI22 YUY HO|HE MARS| TX Stz QIZESIL, 0|F LAl
=25t0] Y Ho|HE MFYEst= LQLEQIZRN Fx0| &EXN @45 F7% Ao|Ch
VAEE= Y3 HO|He| &M HAS St&ot/| 25 =& 228 22t A HoHs Ex
It #Atoz TNE #E EEZ BHED, o 48 EEON MBS S I BN AN
oot O A “MdEl &Y E?_*% 25 OolHe| EEE LIEti=0 ABECh VAES| <& 1t
Y2 oY HojHet T = ko] M7 2XKreconstruction erron@f T ®MH| E2EE
1243k KL-divergence term2& O|RO0JZICE 0|2 XAsiste Hatoz RES ahasio] YU
HOIES| TX HIS RutHo=z Stgsty, O|F 7|ttez M=z Ho|HE ddg &= UA
EIC}H
FO{Zl training data p_data)(&EZEe)7F o BEE XD QICHH, ME Dol
p_model(x) FA| 22 BZE ZHXBEM, O Z-S S L2 inference 20| ME22 x2t=
O|E{0|Z HtEtCh= Z0| Z7[=XQl 7HFo|tHadE 5]
e H; e
input i "\i/‘ _/'\/. e output
5 \_) r'y
qo () ge ()
- q
Gaussian oo | Bernoulli Pi
Encoder % Decoder
28x28x1 el | i i S 28x28x 1
T \ g
et {3_,/\ -—-.@ .
\_J A
SAMPLING €
o
()| Reparameterization
N(0.1) et Tiik
EX : https://taeu.github.io/paper/deeplearning-paper-vae/
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LLM model history (ex. ChatGPT) LLM modelling process (ex. ChatGPT)

Collect demonstration data Collect comparison data and Optimize a policy against the
b

ot o
sampied hrom our
omp dataset

Afabaler
demont

rates the
Gesurnd outpct
o

. ,
Supervised Fine tuned model Reward Model (RM) Proximal Policy Optimizer (PPO)
(SFT)
‘ Increasing lightweight technology working at smaller devices
for industrial requirements with multimodal data types

EX : OpenAlZHR22t 42MARU 218310{ {71y
(1% 6] LLM d&3l 7|& /8=

Al HEE2| 55 & WG 3 trustworthiness(2E|)0f A 7HE & = E5S

<H 1>1F ZCh o7|M 20001 22 A=, SHEZ/HNEO0| S0 AZE[H 20.00FE
A5 &M, 60.600] =T ZHEZ/HHO| =2E[0f YUSHA EHE 2[0St THEE/HY T
AE LIEHH{= =XIO|C},

fl
$0

-

<¥ 1> ISO/IEC JTC 1/SC 42 WG 3 AZ|d 21to] i BE g

NS AER =HAd
ISO/IEC 23894:2023 g2t Artificial Intelligence — Guidance on risk management
ISO/IEC TR 24027:2021 e Art|f|.C|a| Intelligence - Bias in Al systems and Al aided decision
making
ISO/IEC TR 24028:2020 e Art|f|§|a| Intelligence (Al) — Overview of trustworthiness in Artificial
Intelligence
ISO/IEC TR 24029-1:2021 e Artificial Intelligence (Al) — Assessment of the robustness of neural

networks — Part 1: Overview

Artificial Intelligence (Al) — Assessment of the robustness of neural

ISO/IEC FDIS 24029-2 50.20 networks — Part 2: Methodology for the use of formal methods

ISO/IEC PRF TR o Artificial Intelligence (Al) - Overview of ethical and societal

24368:2022 ~ | concems
ISO/IEC AWI TS 5471 20.00 | Artificial intelligence — Quality evaluation guidelines for Al systems
Artificial intelligence - Controllability of automated artificial

ISO/IEC WD TS 8200 20.60 | . )
intelligence systems
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Software engineering — Systems and software Quality Reguirements
and Evaluation (SQuaRE) - Quality Model for Al systems

ISO/IEC CD TR 5469 30.60 | Artificial intelligence — Functional safety and Al systems

ISO/IEC 25059 60.00

Artificial intelligence — Treatment of unwanted bias in classification

ISO/IEC CD TS 12791 30.60 ; ) :
and regression machine learning tasks

ISO/IEC AWI 12792 20.00 | Artificial intelligence — Transparency taxonomy of Al systems

ISO/IEC AWI TS
29119-11

20.00 | Artificial intelligence — Testing for Al systems — Part 11:

Artificial intelligence — Objectives and methods for explainability of
ML models and Al systems

ISO/IEC AWI TS 17847 20.00 | Artificial intelligence — Transparency taxonomy of Al systems

ISO/IEC AWI TS 6254 20.00

Artificial intelligence — Environmental sustainability aspects of Al

ISO/IEC AWI TR 20226 20.00
systems

Artificial intelligence — Overview of differentiated benchmarking of
Al system quality characteristics

ISO/IEC AWI TR 21221 20.00 | Artificial intelligence — Beneficial Al systems

ISO/IEC AWI TR 42106 | 20.00
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