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Taxonomy With Different Types of Multimodal Al
Input Modalities Al Model Output Modalities

1. Cross Modal

Input and output are

different single modalities

2. Multimodal to Unimodal
Input has multiple modalities,
output is single modality

3. Unimodal to Multimodal

Input is single modality,
output has multiple modalities

4. Multimodal to Multimodal

Input has multiple modalities,
output has multiple modalities

Z7%: Ramos, L, et al, Innovation Insight: Multimodal Al Explained, Gartner, G00798532. 2023, 1-13.
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EX: Ly, J, et al. (2019). VILBERT: Pretraining Task-Agnostic Visiolinguistic Representations for Vision-and-Language Tasks.

33rd Conference on Neural Information Processing Systems (NeurlP
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ZX: Ramos, L, et al, Innovation Insight: Multimodal Al Explained, Gartner, G00798532. 2023, 1-13
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